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Coffee Bean Quality Classification using Convolutional Neural Network

Chakrit Sereepong®’, Nuwee Wiwatwattana®

Abstract

Coffee beans include a variety of defects that must be removed before they can be processed for sale
and consumption. The goal of this study is to develop deep learning-based models using convolutional neural
networks and compare them to a traditional machine learning-based model for classifying five different types
of defective coffee bean images: black, moldy, broken, incomplete, and bitten out of green coffee beans. The
models were built using coffee bean images from previous research on "Coffee Beans Feature Extraction and
Selection for Quality Classification Using Image Processing," which included ResNet50, ResNet101, ResNet50 with
data augmentation, ResNet101 with data augmentation, and SGDClassifier with data augmentation. According to
the test dataset, the accuracy was 0.74, 0.75, 0.77, 0.74, and 0.61. ResNet architecture models based on deep

learning clearly outperformed SGDClassifier, a typical machine learning model.
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