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Customer Experience Analytics for Thailand Hospital
Panida Katklangdonl*, Sophon Mongkolluksamez, Sirisup Laohakiat, Ratchanant Thammasudjarit3
Abstract

Recognizing and solving problems that do not meet the needs of users in a timely manner is an
important problem that affects the quality of hospital services at present. This problem was caused due to a
large number of users who have had problems with services in many areas of the hospital and in various ways
for the collection of user information and a delay in obtaining information that does not reflect the real problem.
This research presents a solution to the problem by gathering reviews of those who have experienced using the
service from the web board, which is fast and gets real information from reviews. These data analyzed insight
information with machine learning models with text data from reviews of patient experience and use the
collected and analyzed data to generate reports through the dashboard. The comparison results were based
on simulation testing using three algorithmic techniques: Naive Baye, Random Forest, Long and Short Term
Memory (LSTM) found that the Random Forest algorithm was the most effective at predicting negative reviews
with recall at 0.71 and the results of analyzing the use of data from public and private hospitals to find insight
information In the overview of the hospital quality management system through reports, found that in staff,
service, infrastructure, processing, finance and other public hospitals were discussed more negatively than

private hospitals in all six areas. The most obvious aspect was the hospital structure.

Keywords: Text Analytics, Customer Experience of Hospitals, Machine Learning, Insight Data, Sentiment

Classification, Random Forest
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