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CUSTOMER CHURN PREDICTION USING DEMOGRAPHIC DATA BASED ON MACHINE LEARNING

TECHNIQUES

Phumphatchara Phiphatsri'’, Nuwee Wiwatwattana”

Abstract

In the modern era, e-commerce businesses fight fiercely for customers. As a result, the vast majority of
worldwide consumers choose to buy online goods and services and firms must prioritize client retention
techniques. In this study, the researchers looked at the pattern of customer attrition for a webpage created
using publicly available data from the Kaggle.com website. The performance of three supervised machine
learning techniques were logistic regression, support vector machines (SVM), and random forests. The aspect of
performance was assessed using criteria such as Accuracy, Precision, Recall, F1-Score, and Confusion Matrix. The
Synthetic Minority Oversampling Technique was used and feature selection to solve unbalanced data and
improve data quality. The Random Forest model had the highest predictive performance, with 92% accuracy,
93% precision, 92% recall, and a 93% F1-score. The researchers also used Local Interpretable Model-Agnostic

Explanations to explain the model.
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