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Analysis of The Churn Prediction for Telecom Customers Using Machine learning

Anchisa Sittiviriyachai', Sirisup Laohakiat®

Abstract

The objective of this research is to study the trends of customer churn for a telecommunications
company using machine learning techniques, comprising six models: 1. Logistic Regression, 2. Naive Bayes, 3.
KNN, 4. Decision Tree, 5. Random Forest, and 6. XGBoost. These models are applied using a dataset collected
on the behavior of customers from a telecommunications company, totaling 7,043 rows, sourced from an open
dataset on https://www.kaggle.com. Researchers aim to investigate the factors or characteristics indicating
customer churn and understand the principles of machine learning for practical application in feature selection
to enhance predictive accuracy. The results reveal the top three most influential factors leading to customer
churn are Tenure, Total Charges, and Contract. Logistic Regression model yields the highest accuracy, followed
by XGBoost, while Decision Tree model performs the least effectively. Researchers intend to utilize the data for
resource management, devising marketing strategies, improving services, and developing new products to meet

customer demands and enhance competitiveness in the market.
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