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Business Intelligence Technology Application for Insight Data Analysis of
Retail Businesses

Thamolwan Thiraumpornkul", Nuwee Wiwatwattana?

Abstract

In the new era after COVID-19, retail businesses have adjusted themselves to cope with the changing
consumer behavior and the emergence of new sales channels on various platforms, such as e-commerce.
Therefore, solely competing on price may not be sufficient for digital businesses, as consumers now have easier
access to products and services. Presenting products and benefits that do not meet the genuine needs of
customers may not result in a positive customer experience. This research aimed to study customer
segmentation based on behavior and its impact on the spending trends of different types of products in retail
stores, using publicly available data from Dunnhumby.com. Applying business intelligence technology
application to analyze the purchase history of households and the use of direct marketing coupons, the study
found that the selected customers who participated in the direct marketing program were almost 1 in 3 of the
sample population. Each campaign used by households was unique, and the top two campaigns had a
significantly higher household usage rate of approximately 60% compared to other campaigns. In the long run,
customer segmentation and developing targeted marketing campaigns tailored to their needs can significantly

increase the conversion rate and improve their sales revenue.
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Behavioral Segmentation [No. of Household | Avg. Sales Value No. of Baket Avg. Quantity
Large Baket-Occastional 589 3.79 82.61 269.84
Small Basket-Frequent 82 294 240.21 139.95
Small Basket-Not Frequent 1826 295 24.91 41.92
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