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Impact of On-Ground and In-Flight Service Quality on Airline Customer Satisfaction

Patipan Krirkchaiwan'", Sophon Mongkolluksamee®

Abstract

This study aims to perform importance to the service quality of airlines is a crucial factor that influences
customer satisfaction. The objective of this research is to study customer segmentation methods using machine
learning techniques, in order to analyze the significance of airline services. This includes two main methods:

1.Customer segmentation using K-means clustering.

2.Determining the significant factors from the random forest model with feature importance.

This study utilizes a dataset of passenger satisfaction evaluations from the airline industry in the United
States, collected in 2015, comprising 129,879 passengers who used full-service airlines. The researchers aim to
segment customers based on similar evaluation criteria, resulting in 5 customer segments with a Silhouette
Score of 0.149 and Davies-Bouldin Index of 1.830, obtained from the K-means clustering. Additionally, the
researchers seek to identify the significant factors of ground and in-flight services for each customer segment. It
was found that in-flight internet service is the most influential factor on customer satisfaction, followed by

online check-in service and in-flight services.
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