2023 3" Proceeding of the Data Science Conference

v

N3UNUsZNVRINEASMIITUIAITIINTaAMNUN T InefIedE NS BuiuuUAsdaou

e

ausN1WA 137", AnT AUSANG?
UNAnEo

o

AfeiiitngusrasdifiolanutsaduunussianvesdnfasisuiatsdeisnisSousuuuididasy an
FoAMUVDINITUAAIANUAATIY NITVOANLOWATIZI W3BN1TT0USE I INGNA #iléannnsvi Web scraping tngld
yaAda Selenium Tunisdadoyaainiiules www.pantip.com Alévinnnsisdoya a Yufl 13 nsngian 2565 Gl
Srunseiiiavn 600 nswy] warlfinadianisusrtananwisssumlunseiouarundenvestoya Tumnmdusie

U

a o

nsfiagszyUszinmvasndndasisuinsdusd eafidedddninensau uaznaduiumn fedudideisldutsdoya
senidudeyaniinisszyuarlisyusziamveandnfusisuiaisly wagldinadanisiiousuvuiadfasulunisiinedy
wuUdIaed wazvnmeaedlagly 3 Luudiass Usenaumie Support Vector Machine (SVM), Logistic Regression (LR)
uaz Naive Bayes (NB) 99nn1snaassmuinnuuiiaesdifiussansnmlunisduundssanvesudndasisuinnsiafdign

g SYM lgilanauaiugnegn 0.82 Insuuudnaes LR uay NB aviadnuudug1agi 0.78 wag 0.74 aua1siu

AEARY : NM1TIATIEVTOAIY, NTUTENIANANTISTINR, WeTian1siseusuuuidilaou

Y

L widngmsineemansuinindin eanvnine1nisteya augineimans uniivetdersuasunsilsal nganng 10110
2 Ay INIANERS UMNINGNSEATUATUNTILTA NTANNY 10110

* Corresponding author:Tel.: 094-8108116 E-mail address: amornkarn.jaidee@g.swu.ac.th

MSDS CS SWU @2023 149


http://www.pantip.com/

2023 3" Proceeding of the Data Science Conference

Classification Of Banking Products From Thai Text Using A Semi-Supervised Learning

Amornkarn Jaidee!”, Subhorn Khonthapagdee2

Abstract

The purpose of this research was to classify complaints about banking products using a semi-supervised
machine learning methods. In this research, we use customer complaints obtained from Web scraping by using
the Selenium to retrieve data from www.pantip.com. The data was extracted as of July 13, 2022, with a total of
600 posts. Natural language processing techniques were used to prepare the data. Currently, all comments and
complaints are primarily screened by humans. Consequently, there is a significant delay in the process. The
experiments were performed using three models : Support Vector Machine (SVM), Logistic Regression (LR), and
Naive Bayes (NB). The best accuracy was achieved by SVM, with an accuracy of 0.82. The LR and NB models was

having an accuracy of 0.78 and 0.74, respectively.
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